Deriving true priority vectors from intuitive pairwise comparison matrices (PCMs) and consistency measurement of decision makers judgments about their genuine weights are crucial issues within the multicriteria decision making support methodology called Analytic Hierarchy Process (AHP). The most popular procedure in the ranking process, constitutes the Right Eigenvector Method (REV). The inventor of the AHP convinces that as long as inconsistent PCMs are allowed in the AHP none of the other existing procedures qualify and the REV provides the only right solution in this process. The objective of this scientific paper is to examine if the former opinion can be considered as experimentally confirmed. For this purpose it was decided to apply Monte Carlo methodology. However, rather than simulate and analyze simulations results for a single PCM, as it has been done so far by many other authors, we decided to design and analyze computer simulations results for a singular model of the AHP framework. Our findings lead to inevitable conclusion that the REV cannot longer be perceived as a dominant procedure within the AHP methodology, especially when nonreciprocal PCMs are considered. It was verified empirically in our research that in the situation when nonreciprocal PCMs are considered the REV impoverishes the entire AHP methodology by its lack of PCMs inconsistency measure in such cases. Moreover, it provides less accurate rankings for a particular decision in comparison to other presented methods. It was also unequivocally verified that the enforced reciprocity of PCM leads directly to worse estimates of priorities weights. Altogether, it seems very important from the perspective of methodology supporting multicriteria decision making, the crucial process embedded in most of management activity. In the consequence, because the REV recedes other prioritization procedures available for the AHP methodology, it is advised to consider them instead, especially under some circumstances of an important and very tight managerial decisions.
Introduction
Probably all of us at certain point of our life were involved in a decision where the numbers told us to do one thing but our intuition told us something else. As an individual we have that luxury to dismiss the numbers and trust our intuition. Obviously, a corporate decision-making group or a government agency should not and cannot proceed in this way. Besides, there are plenty examples that intuition-based decision making can lead to fallacious conclusions. This phenomena is probably the fundamental reason why scientists continuously deal with explanation and modeling of decisional problems in the way that common human being can comprehend them. This research paper focuses on a decision making support methodology called Analytic Hierarchy Process (AHP) .
Judging by the number of articles devoted to the AHP it seems that it is the most widely used decision making approach in the world today, as well most validated methodology -thousands of actual applications in which the AHP results were * Corresponding author accepted and used by the competent decision markets, see e.g. Kazibudzki (2012) and references in there, as well (Grzybowski, 2012; Ishizaka & Labib, 2011; Ho, 2008; Vaidya & Kumar, 2006) . However, despite of its popularity it has been also criticized mainly for the mathematical analysis which it applies, i.e. the right eigenvector method (REV) , what constitutes the main point of reference for this paper. It is so because the REV is supposed to operate only with reciprocal pairwise comparisons matrices (reciprocal PCMs), otherwise it is not possible to measure consistency of decision makers judgments (Saaty's consistency index is inexplicable for nonreciprocal PCMs). That entails a limited range of applications and increase estimation errors. As a result, in practice reciprocity of PCMs is a very popular requirement, although many authors argue that it is an artificial condition which impoverish the PCMs about information concerning the unknown priority vector that otherwise could be revealed (Grzybowski, 2012; Basak, 1998; Budescu, Zwick & Rapoport, 1986; Hovanov, Kolari & Sokolov, 2008; Lipovetsky & Tishler, 1997; Zahedi, 1986) . Thus, taking above into consideration, we argue that it is justifiable to search for other methods that could operate within the Analytic Hierarchy Process in order to face the critique, and in the consequence eliminate some flaws of the methodology and the concept itself, which in our opinion is very applicable. That is why we decided to reintroduce the concept of Logarithmic Utility Approach to the REV (Kazibudzki, 2012) and compare its performance with the REV and three other, rated best procedures (Choo & Wedley, 2004; Lin, 2007; Grzybowski, 2012) available for the AHP. For this purpose Monte Carlo methodology was applied and validation studies were designed accordingly. Although, we refined simulation frameworks already proposed in the literature, e.g. (Basak, 1998; Choo & Wedley, 2004; Lin, 2007; Grzybowski, 2012; Zahedi, 1986) , our simulation scenario and research focus have never been taken into consideration yet. For instance in the simulation framework described in (Choo & Wedley, 2004) it was proposed to study two types of PCMs: the PCMs that contain many small errors and the PCMs that contain one large error. In the revised framework described in (Lin, 2007) author proposed to consider additionally PCMs with many large errors as well as with many small and one large error. However, the simulations described in (Choo & Wedley, 2004; Lin, 2007) were based only on one known priority vector which was not normalized and thus the observed average errors are not comparable with errors corresponding to other vectors having different dimensions and priority values.
Furthermore, we also took into account rounding errors as in Grzybowski (2012) because randomly disturbed ratios were rounded to the closest values from a particular scale in order to make the simulation scenario truly realistic. Thus, it seems to reflect real AHP procedure that assumes that decision makers must express their opinions on a given scale. Certainly, this prerequisite leads directly and inevitably to additional source of errors that should be taken into account, see e.g. (Dong, Xu, Li & Dai, 2008) . Moreover, in order to make the results of our research more representative we examined a performance of the entire AHP framework (not single PCM) with different number of criteria and different number of alternatives.
Thus, we compared results of random normalized priority vectors within the most simple AHP framework, comprising three levels: goal, criteria and alternatives. In this way we adapted the scenario procedure described in Kazibudzki (2012 Kazibudzki ( & 2013 but as opposite to the research described in there we focused our attention on the existing information gap that was not covered yet, i.e. nonreciprocal PCMs performance within singular AHP frameworks and related consistency measurement in these cases.
Notations and Principles of the Analytic Hierarchy Process
The AHP is grounded on the well-defined mathematical structure of consistent matrices and their associated right-eigenvector's ability to generate true or approximate weights (Kazibudzki, 2012; Grzybowski, 2012; Merkin, 1979; Saaty, 1990 Saaty (1980) and is strictly related to the REV, what makes it especially attractive. The point here is that there is quite few propositions in the literature for consistency measures, see e.g. Grzybowski (2012) or references in Kazibudzki (2012) . However, it is argued that so long as inconsistency is tolerated, the REV is the basic theoretical concept for deriving a scale and no other methods qualify, what entails the concern about the usefulness of inconsistency measures derived from them. Although, during the last three decades plenty of other methods have been proposed, see for instance Grzybowski (2012 ) or/and Kazibudzki (2012 and references in there.
Novel Prioritization Method and Related Consistency Index
There is a well known principle in mathematics saying that a necessary condition for a credible problem solving procedure is "that if it produces desired results, and we perturb the variables of the problem in some small sense, it gives us results that are 'close' to the original ones" (Saaty, 1990, p. 18) . It should be noticed that the procedure described in this paper possesses this property. We start from the following theorems (Saaty, 1986 (Saaty, , 2006 [4] where e ij is a perturbation factor which is expected to be near 1, e.g. (Kazibudzki, 2012; Grzybowski, 2012; Saaty, 2003; Sun & Greenberg, 2006; Ishizaka & Labib, 2011) . In a statistical approach and many simulation studies the perturbation factor is interpreted as a realization of a random variable, e.g. (Grzybowski, 2012; Kazibudzki, 2013; Zahedi, 1986) . This fact however does not hinder to describe the procedure for deriving w from A(a) in the case of perfect consistency (e ij =1) which relies on the second theorem and fundamental mathematical constrained optimization guidelines (Grzybowski, 2012; Kazibudzki, 2012) :
subject to:
Because the utility of the method decreases logarithmically, inversely proportionally to the inconsistency growth, it seems natural to identify it as the Logarithmic Utility Approach (LUA) to the Eigenvector Method (REV). Basically, the concept of the method is to search for the vector w that the multiplication result A w  n w (Grzybowski, 2012) . Thus, in the consistent case the solution of the procedure is exactly the same as that given by the REV (theorem 2), whereas in the inconsistent case (e ij 1) the solution results with the PV which best fits (from the perspective of criterion [5] ) to that one which delivers consistent PCM.
Recalling the fact, that the methodology of capturing the degree of PCM inconsistency is a central point of the AHP and a crucial issue for the whole prioritization theory, we must underline that LUA provides such a inconsistency measure (actually the LUA itself constitutes the measure) what enables decision makers acceptance or rejection of the PV estimate. If we denote the minimum value of the LUA in the relation [5] as MLUA, then we can express our consistency index in the following form:
The index can be interpreted as the average deviation from ideal judgment about priorities in the case of perfect consistency i.e. CI(n)=0. In the case of unsatisfactory consistency level, the attempt to improve consistency is suggested together with a new w derivation. After each iteration, we assume that the new matrix A(a) is a perturbation of A(w) and its derived PV is a perturbation of w. In the literature we find five conditions for good approximations (Saaty, 2006) : reciprocity, homogeneity (the elements being compared must be of the same order of magnitude), independency (judgments about, or the priorities of, the elements in a hierarchy cannot depend on lower level elements), near consistency and uniform continuity (elements w i , i=1,…,n should be relatively insensitive to small changes in the elements a ij , only then good approximations to the a ij remain w i /w j ratios). Beside the reciprocity condition we find them applicable also for the LUA.
Validation Studies on the Bases of Novel Methodical Framework

Description of the simulation scenario
The intent of this section is to evaluate the performance of the LUA on the background of performance of other chosen methods available for the AHP. In order to achieve this objective we are going to proceed with simulations but not such commonly known from literature, i.e. concerned with only one single PCM. Our simulation scenario will involve the entire AHP framework which is supposed to reflect the hypothetical decisional problem (Kazibudzki, 2012 (Kazibudzki, & 2013 . For this purpose the following methods will be considered: -(GM) i.e. geometric mean procedure (Crawford & Williams, 1985) given by the formula:
-(REV) i.e. principal right eigenvector method (Saaty, 1980) , already described in this paper, -(LUA) i.e. logarithmic utility approach, earlier introduced and described in this paper, -(SRDM) i.e. sum of squared relative differences (Grzybowski, 2012) , given by the formula:
e. simple normalized column sum procedure (Choo & Wedley, 2004) , given by the formula:
The performance evaluation study of above chosen methods available for the AHP, rated as dominant among others (Choo & Wedley, 2004; Lin, 2007; Grzybowski, 2012 ) is going to be based on the following seminal assumptions (Kazibudzki, 2012) . We assume, the hierarchy consist of three levels: goal, criteria and alternatives, which is supposed to reflect the hypothetic case of real decisional problem. Then, in order to compare the accuracy of the estimations obtained by chosen methods we simulate different situations related to various sources of the PCM inconsistency (Grzybowski, 2012) . Fundamentally, the inconsistency commonly results from errors caused by the nature of human judgments and errors due to the technical realization of the comparison procedure i.e. rounding errors and errors resulting from the forced reciprocity requirement. Nature of human judgments can be represented as the realization of some random process in accordance with the formula [4] . Probability distributions of the perturbation factor e ij mainly involve uniform and gamma, as well truncated normal or log-normal (Kazibudzki, 2013; Basak, 1998; Choo & Wedley, 2004; Lin, 2007; Zahedi, 1986) . The rounding errors, on the other hand, are related to the numerical ratio scale whose values should be used by prospective decision makers in order to express somehow their judgments (Grzybowski, 2012; Dong, Xu, Li & Dai, 2008; Lipovetsky & Tishler, 1997; Lipovetsky & Conklin, 2002) . In conventional AHP applications the most popular is Saaty's numerical scale which comprises the integers from 1 to 9 and their reciprocals but there exist also others i.e. geometric scale and numerical scale. The first one usually consists of the numbers computed in accordance with the formula   n 2 where n comprises the integers from minus 8 to 8. The latter involves arbitrary integers from 1 to n and their reciprocals.
Basically, in order to run the validation studies of the above presented methods we refined simulation frameworks already proposed in the literature, e.g. (Basak, 1998; Choo & Wedley, 2004; Lin, 2007; Grzybowski, 2012; Zahedi, 1986) . For instance in the simulation framework described in (Choo & Wedley, 2004) it was proposed to study two types of PCMs: the PCMs that contain many small errors and the PCMs that contain one large error. In the revised framework described in (Lin, 2007) author proposed to consider additionally PCMs with many large errors as well as with many small and one large error. In our simulations we adapted these frameworks in order to make them more representative and realistic. Firstly, the simulations described in (Choo & Wedley, 2004; Lin, 2007) were based only on one known priority vector. Moreover, the vector was not normalized and thus the observed average errors cannot be compared with errors corresponding to other vectors having different dimensions and priority values. Secondly, we also took into account the rounding errors. Therefore the randomly disturbed ratios were rounded to the closest values from particular scale (Grzybowski, 2012; Dong, Xu, Li & Dai, 2008) . However, the simulations described in Grzybowski (2012) were designed exclusively for performance measurement of procedures operating within different but single priority vectors. In order to make the results more representative in our simulation program we used the entire AHP framework with different number of criteria and different number of alternatives comprising many random normalized priority vectors-in the most simple AHP framework considered, with three levels: goal, criteria and alternatives (Kazibudzki, 2012 (Kazibudzki, & 2013 . Thus, our simulation scenario realizes the steps proposed in Kazibudzki (2012) , but the difference is we focus more on nonreciprocal cases and related inconsistency measurement in such situations. Certainly, some performance statistics are calculated as the scenario is iterated prescribed number of times in order to obtain such mean values of performance measures like: the Pearson correlation coefficient (PCC), Spearman rank correlation coefficient (SRCC) (Grzybowski, 2012; Moy, Lam & Choo, 1997; Budescu, Zwick & Rapoport, 1986) , and mean absolute deviation (Kazibudzki, 2012; Choo & Wedley, 2004; Lin, 2007; Dong, Xu, Li & Dai, 2008) . There are considered two approximation options within the simulation scenario: with and without forced reciprocity. When forced reciprocity condition is executed, the perturbed PCM inputs are taken only from above its diagonal elements, and the remaining ones are entered as the inverses of the corresponding symmetric units in relation to its diagonal elements (Kazibudzki, 2012; Grzybowski, 2012) . Matrices with forced reciprocity condition applied we denote as FRPCMs, whereas the other ones as APCMs (arbitrary pairwise comparisons matrices).
Exemplification of the simulation framework
In order to clarify the methodology lying behind the scenario introduced in former subchapter of this section we are going to present the simplified example now. For the illustration purpose we take into consideration only technical perturbation of PCMs resulting from rounding errors (Saaty's scale) and forced reciprocity. Let us consider the following ideal model of the AHP framework with three levels (four criteria and four alternatives):
With respect to the GOAL: with respect to criteria c3-c4: After synthesis, the following result is obtained ITPV=[0.25, 0.21, 0.23, 0.31] T . In accordance with the simulation scenario we can now perturb every PCM in the presented framework. For the purpose of scenario illustration only, we apply two kinds of perturbation error consecutively. We round each element of the particular PCM to Saaty's numerical scale and force its reciprocity. Then, on the bases of such PCMs we compute their respective priority vectors (PPV), in our example with the application of the REV, and finally calculate the TPV for the illustrative model of the AHP framework. Thus, after all these transformations our model could be presented as follows:
with respect to the GOAL: After synthesis, the following result is obtained TPV REV = [0.2034, 0.2336, 0.2316, 0.3315] T and we are ready to compute earlier mentioned performance measures between ITPV and TPV, i.e. SRCC, PCC and MAD. For this particular example we have SRCC=0.2, PCC=0.8142, MAD= 0.023325. As we can see only with the application of rounding errors and forced reciprocity of PCMs we have the situation which let us experience the rank reversal phenomena for the entire AHP framework as from the perspective of ITPV we have ranks {2, 4, 3, 1} and the resulting TPV REV provides ranks {4, 2, 3, 1}. Basing only on this very simple illustrative scenario we can realize that it is quite reasonable to search for other methods that can successfully operate within the Analytic Hierarchy Process. Certainly, it is very reasonable to make the effort and at least strive to reduce the technical errors within the AHP. Obviously, we cannot avoid the application of the particular scale which entails rounding errors because we have to enable decision makers to express somehow their judgments but certainly we can reduce technical errors caused by the PCM forced reciprocity requirement. Then however, we need to look for other prioritization procedures which not only can operate with nonreciprocal PCMs but above all they are able to provide in these circumstances meaningful consistency indices of decision makers judgments.
Preliminary simulation results
Taking into account the research of Saaty and Hu (1998) illustrating the case where variability in ranks does not occur for each individual judgment matrix, but still occurs in the overall ranking of the final alternatives due to the multicriteria process itself we decided as in Kazibudzki (2012) to examine the results of adequately designed simulations in order to analyze the same three levels AHP framework as in the cited example, i.e. goal, criteria and alternatives. Thus, we simulated 1000 such AHP frameworks in order to evaluate the performance of arbitrarily chosen methods under the scenario assuming application of rounding errors only, and 50 such AHP frameworks making them inconsistent 100 times in each case. In the latter scenario the inconsistency was executed exclusively due to perturbation factor (e ij ) drawn uniformly from the interval e ij  [0.01, 1.99]. In both scenarios the number of criteria and alternatives in each AHP framework was drawn uniformly from the interval {5, 6, 7, …, 15}. Thus, tables 1 and 2 present the results of average performances of chosen methods for either one thousand uniformly random AHP frameworks or five thousands cases of AHP frameworks (fifty uniformly random AHP frameworks, each perturbed one hundred times in accordance with the given scenario). To elaborate on this further we examine then the average performance results for 2,500 cases (50 AHP frameworks, each perturbed 50 times) but this time only for arbitrary PCMs (APCMs) and with the application of different scales available (Saaty's, geometric and numerical for n =50). The inconsistency will be imposed now due to rounding errors combined with perturbation factor (e ij ) drawn uniformly, log-normally, truncated normally or gamma from imposed different intervals. The number of alternatives and criteria for each framework also as previously will be drawn uniformly from different imposed intervals. The simulations results are presented in the consecutive Tables 3-6. Table 3 . Performance evaluations of arbitrarily chosen five different methods for 2,500 cases of different uniformly drawn AHP frameworks with the application of both: perturbation factor drawn uniformly from the given interval and rounding errors connected with the assigned scale executed without forced reciprocity. Table 4 . Performance evaluations of arbitrarily chosen five different methods for 2,500 cases of different uniformly drawn AHP frameworks with the application of both: perturbation factor drawn log-normally from the given interval and rounding errors connected with the assigned scale executed without forced reciprocity Table 5 . Performance evaluations of arbitrarily chosen five different methods for 2,500 cases of different uniformly drawn AHP frameworks with the application of both: perturbation factor drawn truncated-normally from the given interval and rounding errors connected with the assigned scale executed without forced reciprocity. Table 6 . Performance evaluations of arbitrarily chosen five different methods for 2,500 cases of different uniformly drawn AHP frameworks with the application of both: perturbation factor drawn gamma from the given interval and rounding errors connected with the assigned scale executed without forced reciprocity. As we can notice all arbitrarily chosen methods perform very steady and similarly under all scenarios being studied. However, there exist also some discrepancies among their performance that should be disclosed here and discussed in more detail. First of all, as the rule of thumb, all methods arbitrarily chosen for the analysis perform better (judging on the SRCC) when geometric scale is applied as opposite to Saaty's and numerical scales. Secondly, what was bolded in the tables no. 3-6, the REV (Saaty's approach) is not a dominant method under all scenario being studied but is very often dominated at least by one of the method considered in the simulations (mostly by the GM, LUA and SNCS). The very important thing here is that, as opposite to the REV, the first two methods provide meaningful inconsistency measures of human judgments which operate with both reciprocal and nonreciprocal PCMs. Analyzing then the performance measures of these two methods (GM and LUA) we can realize that the latter's performance is basically less vulnerable to change as the result of different scenarios applied during the research plan.
Consistency Measurement and Inconsistency Level Acceptance
Apart from deriving priority vectors, very crucial issue connected with the AHP is how to measure the degree of inconsistency for the given PCM and in consequence for the entire AHP framework. Obviously, significant violations of the consistency can lead to vague results, not necessary reflecting the real priorities. This is why it is indispensable to control inconsistency of PCMs in order to be able to refine them during successive iterations of the weighting process. Certainly, the best way to control PCMs consistency is to measure their inconsistency.
However, as so far the only widely accepted procedure of PCM inconsistency measure belongs to Saaty and is closely related to the REV. Supposedly, that makes the latter particularly attractive although it works only with reciprocal PCMs. According to this concept (Saaty, 1980 ) the inconsistency of the data is measured as follows. First an inconsistency index INC(n) is computed as an average of difference between lambda max and n for all eigenvalues except the principal one. Next, the value of the index is compared with an average random inconsistency index RINC(n) obtained from a sample of 500 randomly generated reciprocal PCMs of order n. Finally, it is proposed to use socalled consistency ratio CR(n)=INC(n)/ RINC(n) for testing whether the information contained in the PCM is consistent enough to be acceptable. Unfortunately, this index is interpretable only for reciprocal PCMs and what was recently revealed (Grzybowski, 2012) it is improperly constructed. As was suggested in novel revelations of Grzybowski (2012) we should measure the inconsistency of our judgments by their comparison with random but either only transitive matrices or transitive and reciprocal as opposite to purely random reciprocal ones. Fortunately, the inconsistency measure proposed in this paper reflected by the formula [6] perfectly fits these ideas.
As it has been already noticed the objective function minimum [5] itself constitutes the inconsistency measure. In the case when PCM is entirely consistent the value of the function is equal to zero. Only inconsistent PCMs lead to higher values. Of course, as the rule of the thumb we can assume, that closer the function is to zero, the better and more precise the outcome in the form of PV. But such an approach seems to be not precise enough. That is why we have proceeded with simulations in order to provide certain point of reference about the scale of inconsistency.
We simulated randomly (uniform distribution) one thousand transitive and both reciprocal and transitive PCMs of different size from n=3 to n=10. For each PCM we calculated then a random consistency index (denoted as RCI(n)), i.e. square root of the LUA objective function minimum for a given PCM divided by n. During the simulations we strived to capture fundamental statistical characteristics of RCI(n) empirical distribution. Thus, we found its mean, maximum and minimum value, together with few fundamental quantiles of order p. These findings are presented in tables 7-8, where ARCI(n), denotes an average value of our random consistency index for transitive, and both transitive and reciprocal PCMs of given size, respectively. Following the standard AHP approach to inconsistency proposed by Saaty we could proceed similarly. Taking into account ARCI(n) we have the index which reflects the average inconsistency for random PCMs of the certain size and type (either transitive or both transitive and reciprocal).
In this way, we may establish the point of reference. Taking the quotient of CI(n) for regarded PCM with DM judgments and ARCI(n) we obtain the ratio of consistency, denoted as RC(n). It can be provided in the form of the following formula:
However, presented approach fits only the situations when purely transitive PCMs are considered as the point of reference although in our opinion it is still statistically vague. But, in the situations when we would need the point of reference for transitive and reciprocal PCMs, it seems totally irrational. Let us assume that for example we accept only such transitive and reciprocal PCMs with DM judgments for which RC(n)<10% (Saaty's suggestion). As we may notice from table 8, for n>5 the minimum value of RCI(n) is higher than 0.1 x ARCI(n) what means that all purely random transitive and reciprocal
PCMs have higher inconsistency measures than the point of reference. Other words the acceptance threshold is set too low in these cases because even if the DM judgments represented by his or her PCM would have higher RC(n) values than 10% it is still okay, for example for n=9, even RC(n)=16% still guarantees that this particular PCM is very consistent. That is why we propose here different approach for inconsistency measurement. Our approach fundamentally resembles standard statistical methodology. If we decide to apply only reciprocal PCMs within the AHP process, in order to evaluate consistency of the particular PCM we have to compare its CI(n) with adequate quantile of order p and given n for transitive and reciprocal PCMs distribution. When we accept the opinion that only nonreciprocal PCMs provide better estimations of 'true' DM priorities, in the same way better accuracy of DMs judgments, in order to evaluate consistency of the particular PCM we have to compare its CI(n) with respective quantile of order p and given n for purely transitive PCMs distribution.
Anyway, we have the information then how much the particular judgment comprises the element of chance variation. Generally, closer the value of CI(n) is to zero, better the approximation becomes of 'true' PV under the assigned level of significance (given by the accepted order of quantile). We accept DM judgments then and only then when CI(n)<Quantile(p). Otherwise, we reject the judgments. As suggested in Grzybowski (2012) , it is crucial to compare CI(n) for a given PCM with DM judgments to quantiles of RCI(n) empirical distribution for random transitive or both transitive and reciprocal PCMs, because only then we have the information about DMs judgment consistency from the perspective of their prioritization accuracy as opposed to the information about their priorities order (the case when we compare CI(n) for a given PCM with DM judgments to quantiles of RCI(n) empirical distribution for random not transitive but purely reciprocal PCMs).
Conclusions
Deriving true priority vectors from intuitive pairwise comparison matrices (PCMs) and consistency measurement of decision makers judgments about their genuine weights are a crucial issue within the multicriteria decision making support methodology called the Analytic Hierarchy Process (AHP). The most popular procedure in the ranking process, commonly applied in the AHP, constitutes the Right Eigenvector Method (REV) conceived together with the AHP methodology by Thomas Saaty. This procedure however, has serious drawbacks and flaws which from a very long time constitute the main theme of its opponent's critique. Still, as long as inconsistent PCMs are allowed in the AHP, although other procedures exist, the inventor of the AHP convinces that none of them qualifies and the REV provides the only right solution in this process. In this scientific quest we examined some fundamental issues within this field thanks to computer simulations for the entire AHP framework (as opposed to a single PCM simulation research). Our findings verify the statement that the REV cannot longer be perceived as the dominant procedure within the AHP especially when nonreciprocal PCMs are considered. It is so mainly because it impoverishes the AHP methodology by its lack of PCMs consistency measure in such cases, which is an indispensable element of the entire AHP concept. Thus, especially in multicriteria decision making problems embedded in management processes we advise the application (together with the AHP) of other available methods like for example presented in this research which perform quite steady, more accurately, contrary to the REV they allow to introduce additional constraints that enable order preservation of weights and most of all provide valid and meaningful inconsistency measure for both reciprocal and nonreciprocal PCMs. The fact especially important because the simulation performance results of different methods presented in this research indicate unequivocally that the enforced reciprocity of PCM leads directly to worse estimates of priorities weights. Thus, the crucial implication of this study for the entire AHP methodology is such, that if we care for betterment of its prospective applicative results, the performance of the AHP can and should be improved by the application of presented here novel scientific findings.
